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Retrieval-Augmented Generation(RAG) [Lewis et. al. 2020]
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The Tesla is driving in cruise control
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Phantom of the ADAS: Phantom Attacks on Driving Assistance Systems
Cyber Security Labs @ Ben Gurion University

'—"E SR B [ B SR Bt 7 O

THE TOKYO FOUNDATION FOR POLICY RESEARCH

N

Eykholt, Kevin, et al. "Robust physical-world attacks
on deep learning visual classification."

Table 1. Performance of each adversarial noise

Prediction

Data Adversarial Noise Correct Target Other
No TG 8% 20%
train Li et al. [12] 24% 32% 44%
Our proposed method 28% 56% 16%
No (4% 1% 32%
test Li et al. [12] 28% 8% 64%
Our proposed method 44% 20% 36%

Satoshi Okada and Takuho Mitsunaga. “An Improved Technique for
Generating Effective Noises of Adversarial Camera Stickers”
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