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Number of GitHub Stars by Geographic Area, 2011-22

Source: GitHub, 2022; OECD.AIl, 2022 | Chart: 2023 Al Index Report
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Number of Parameters of Select Large Language and Multimodal Models, 2019-22
Source: Epoch, 2022 | Chart: 2023 Al Index Report
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Retrieval Augmented Generation (RAG)
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Towards AGI
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A foundation model can centralize the
information from all the data from
various modalities. This one model can
then be adapted to a wide range of
downstream tasks.
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Healthcare and biomedicine
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Old-age dependency ratios are projected to at least double

In most G20 countries by 2060
Number of people older than 65 years per 100 of working-age (20-64)
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